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g Introduction

~

> Glioblastoma is the most malignant type of brain tumor?

» Frequent MRI scans are done to assess treatment response?

Response Assessment in Neuro-Oncology (RANO) criteria3
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GOAL: Test different modality MRI
combinations for RANO criteria classification
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> RANO label at least the specified modalities
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> Using all modalities yielded the best performance: Balanced Accuracy = 62% » Adding T2 significantly improved performance
> No significant difference between using all modalities and T1+T2+FLAIR and CT1+7T2, » In most Grad-CAM images the brain was highlighted, often the tumor region
which presented higher median values of metrics » Applying a bounding box to the tumor region could help steering the model
> More advanced modalities, namely diffusion and perfusion could provide complementary » External Validation is needed
\ information » Generating synthetic data could improve performance /
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Conclusion
> This study benchmarked the automatic classification of RANO criteria in a longitudinal dataset of glioblastoma
> Top performance was achieved using all modalities reaching a Balanced Accuracy of 62%
> Explainability methods highlighted the tumor regions in some cases
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